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Routing games are frequently used to model the behavior of traffic in large networks, such as

road networks. In transportation research, the problem of adding capacity to a road network in a
cost-effective manner to minimize the total delay at equilibrium is known as the Network Design

Problem, and has received considerable attention. However, prior to our work, little was known

about guarantees for polynomial-time algorithms for this problem. We obtain tight approximation
guarantees for general and series-parallel networks, and present a number of open questions for

future work.
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1. INTRODUCTION

Routing games model network traffic in applications where users choose paths in
the network to minimize their delay. The cost, or total delay, at equilibria in rout-
ing games is very well-studied: tight bounds are known on the price of anarchy, as
well as in many cases on techniques to influence player strategies (e.g., tolls, Stack-
elberg strategies) to improve the total delay at equilibria. In common practical
applications, the primary means of improving the total delay is to add capacity to
the network. However, techniques to compute the optimal allocation of additional
capacity are primarily heuristic or computationally inefficient. Our work addresses
the problem of adding capacity to a network under a budget to improve the to-
tal delay at the resulting equilibrium, and obtains guarantees for computationally
efficient techniques [Bhaskar et al. 2014].

The problem of figuring out where to add capacity in a network is clearly a
non-trivial computational problem: Braess’ paradox is a prominent example where
adding capacity can actually worsen the total delay at equilibrium. Given the im-
portance of this problem for the optimization of road networks, it is unsurprising
that it has received considerable attention in the literature on transportation re-
search, where a general version of the problem discussed in this article is called
the Continuous Network Design Problem [Abdulaal and LeBlanc 1979]. While a
number of algorithms for the problem are given in the literature, these algorithms
either offer no performance guarantees on the solution obtained, or are highly in-
efficient computationally (see, e.g., [Yang and H. Bell 1998; Luathep et al. 2011;

Authors’ addresses: umang.bhaskar@uwaterloo.ca, katrina@caltech.edu

ACM SIGecom Exchanges, Vol. 13, No. 2, December 2014, Pages 36–40



37 · U. Bhaskar and K. Ligett

Li et al. 2012]). Prior to our work, little was known about the performance of
computationally efficient algorithms.

2. PROBLEM DEFINITION

Formally, a routing game is defined by a directed graph G = (V,E), a vector of non-
decreasing delay functions on the edges (le)e∈E , and a set of triples {(si, ti, di)}i∈[k]

where each triple denotes the source, sink, and demand for a commodity. We as-
sume players are nonatomic: each player controls infinitesimal traffic. Players of
commodity i choose a route from si to ti, and the (infinite) set of such players con-
stitute the demand for commodity i. A strategy profile for the players corresponds
to a multicommodity flow f , and given a flow f , each player of commodity i picks
an si-ti path P to minimize her delay

∑
e∈P le(fe).

A multi-commodity flow f := (f i)i∈[k] where each f i is an si-ti flow of value
di is called a valid flow. A valid flow f is called a Wardrop equilibrium if for all
i ∈ [k] and any si-ti paths P , Q with f iP > 0,

∑
e∈P le(fe) ≤

∑
e∈Q le(fe). The

Wardrop equilibrium can also be obtained as the solution to a convex program. If
all delay functions are strictly increasing, the program is strictly convex, and hence
the equilibrium is unique.

To model network improvement, every edge has a capacity ce(βe) := c0e + µeβe,
where βe is the money allocated to improving the edge (initially zero), c0e is the
initial capacity of the edge, and µe is the marginal rate of improvement. The latency
function on every edge then has the form le(x, βe) = (x/ce(βe))

ne + be. For a given
budget B ∈ R+, a valid allocation is a vector β = (βe)e∈E ≥ 0 with

∑
e βe ≤ B.

For a valid allocation β, let f(β) be the resulting equilibrium with delay functions
le(x, βe). The network improvement problem can then be written as the following
mathematical program:

min
f, β

∑
e

fe le(fe, βe) s.t. β ≥ 0,
∑
e

βe ≤ B , and f = f(β). (1)

In the program above, both the flow f and the allocation β are treated as vari-
ables, although the constraints restrict f to be the unique equilibrium flow. Despite
being continuous, the objective function in (1) is non-convex. The feasible region
may also be disconnected; both of these make the problem difficult to solve. Despite
this, our results give tight approximation guarantees for this problem in a number
of cases.

3. OUR CONTRIBUTION

We first consider the problem in general graphs. Here, we show that a simple
algorithm that operates by relaxing the constraint that f be an equilibrium flow
in (1) and solves the resulting convex optimization problem, in fact obtains the
best possible approximation ratio for instances with affine delay functions (ne = 1
on all edges).1

Theorem 3.1. We can obtain in polynomial time a 4/3-approximate allocation
for instances with affine delay functions, and an O(p/ log p)-approximate allocation

1The results of Theorem 3.1 were also independently obtained by Gairing, Harks and Klimm [Gair-
ing et al. 2014].
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for instances with delay functions of degree p. It is NP-hard to obtain an approxi-
mation ratio better than 4/3, even in single-commodity instances with affine delays.

The somewhat surprising optimality of the simple algorithm described is proved
by showing connections to previous work on routing games in algorithmic game
theory. The proof of the approximation ratio uses well-known bounds on the price
of anarchy [Roughgarden 2003]. The proof of hardness uses techniques developed,
motivated by Braess’ paradox, for the problem of removing capacity in a network
to reduce the total delay at equilibrium [Roughgarden 2006].

Given the practical relevance of the problem, an immediate question is if in special
cases, the 4/3-approximation can be improved upon. In order to circumvent the
inapproximability, it is obvious that we must consider restricted topologies. We
hence consider the problem in series-parallel graphs.2 Here, we show that in the
single-commodity setting, we can in fact get arbitrarily close to the optimal solution
in polynomial time (i.e., get an FPTAS).

Theorem 3.2. For single-commodity routing games on series-parallel graphs
with polynomial delay functions, for any ε > 0, we can obtain a (1+ ε)-approximate
allocation in time polynomial in the size of the input and 1/ε.

Our algorithm for Theorem 3.2 uses dynamic programming as well as the struc-
ture of series-parallel graphs to obtain the FPTAS. The algorithm consists primarily
of three steps. The first step is to modify the mathematical program (1) in two
ways. Firstly, we relax the equilibrium constraint in (1) as we did in the proof
of Theorem 3.1. Secondly, instead of minimizing the total delay, we modify our
objective to minimize the maximum delay over all paths with strictly positive flow.
This new objective is a discontinuous function of the flows. However, we show that
in series-parallel graphs, the two problems are equivalent: an optimal solution to
the second problem is optimal for the original problem as well. The advantage of
modifying the problem in this way is to simplify the feasible set. Instead of all
valid allocations and flows at equilibrium, our feasible set is now the set of all valid
allocations and valid flows.

We then show that we can appropriately discretize this simplified feasible set
and search in this discretized space using dynamic programming to obtain a near-
optimal solution to the modified problem. Finally, we show that a near-optimal
solution to the modified problem is a near-optimal solution to the original prob-
lem as well. A number of technical issues arise in the discretization, such as edges
where the marginal rate of improvement is large (and thus a small allocation signif-
icantly improves the capacity). We show that these can be dealt with, and obtain
a polynomial-time algorithm.

A consequence of Theorem 3.2 is that restricting network topologies can cir-
cumvent the 4/3-inapproximability. However, we show that even in series-parallel
graphs, the FPTAS is the best possible: the problem is NP-hard. In fact, we show

2Series-parallel graphs are defined recursively. A single edge e = (s, t) is a series-parallel graph,

with terminals s and t. Two series-parallel graphs can be combined to obtain a new series-parallel

graph, either by merging the s-terminals together and the t-terminals together (a parallel-join) or
by merging the t-terminal of one graph with the s-terminal of the other (a series-join).
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NP-hardness for a special case of series-parallel graphs, obtained by joining in series
subgraphs consisting of two parallel edges. The proof of hardness is via reduction
from PARTITION.

Theorem 3.3. The network improvement problem is NP-hard, even for single-
commodity routing games on series-parallel graphs with affine delay functions.

4. OPEN PROBLEMS

Our work [Bhaskar et al. 2014] presents tight bounds for the settings we consider.
There are many open problems and generalizations that follow, and are of interest
both theoretically and practically. We present two questions immediately motivated
by applications.

Variable demand. If the capacity of a network were expanded, it is natural to
suppose that more traffic would use the network. This is called “induced demand,”
and is frequently a practical concern when expanding capacity in road networks.
The price of anarchy with induced demand has been studied previously [Cole et al.
2012]. An open problem is to develop algorithms for network improvement that
address induced demand as well.

Other network topologies. Our reduction that establishes a lower bound of 4/3 on
the approximation guarantee is not applicable if we restrict the graph topology,
e.g., if the graph is planar. However, road networks are often planar or nearly so.
Can a better approximation guarantee be obtained for planar graphs?

More generally, there are numerous problems in economics and engineering that
are naturally expressed as mathematical programs with equilibrium constraints (see,
e.g.,[Luo et al. 1996]); network improvement is just one such problem. Such prob-
lems are computational in nature, and have received considerable attention in fields
such as operations research and engineering. We believe that, as for the network
design problem, the tools of algorithmic game theory can contribute to a better
understanding of these natural and well-motivated problems.
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